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ABSTRACT

This paper estimates the impact of education reservation policy implemented in 2008 in India for
Other Backward Castes (OBCs) on their employment. Using a Difference in Difference framework,
we find that reservation for OBCs in education increased their likelihood of getting a regular job in
government sector and private sector by 0.6% and 0.3% respectively. More importantly, it had small
but significant impact on their employment in some of the higher status jobs in both the private and
government sector. However, in terms of regional variations, we find higher intensity of quota is
unable to break the caste- hierarchy in occupations. Longer history of reservation seems to have some
positive impact in this regard. Our results give support to the argument that reservation related
policies did have a positive impact on likelihood of getting a job and have also been slightly
successful in transgressing the caste-based hierarchy in occupational categories in both the private and

government sector.
Keywords: Reservation, quota, affirmative action, jobs, occupation, education, PLFS.
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1. Introduction

Caste structure plays a deep and entrenching role in Indian society. Even today, it defines how people
live their lives — what they eat, where they live, whom they marry; and how they make their living —
what jobs they get into and what wages they get for those jobs (Deshpande, 2011, Thorat and
Newman 2010, Bharathi et al, 2020, Roy et al, 2020, Deshpande and Ramachandran,2020 among
others). Caste system in India owes its origins to the Hindu religious script called Manusmriti written
3000 years ago. Based on the occupation, it divides people at birth into four broad categories®. The
system bestows privileges on certain sub-section and marginalises a large sub-section of people
belonging to different social groups. Indian society has still not completely moved away from the
associations of caste and occupation which brings significant inefficiencies in Indian labour market
(Cassan et al., 2019). The biases based on caste are not existent only in traditional rural areas, but find

ways to persist in cosmopolitan urban areas too®.

Several studies have explored caste-based hierarchy in Indian job market and find that even after
being equally qualified, dominated castes have lower likelihood of getting certain jobs. They also
receive lower wages compared to dominant castes in these jobs (Banerjee and Knight 1985, Thorat
and Newman 2009, Singhari and Madeshwaran, 2016, Deshpande and Ramachandran 2019). Apart
from discrimination in labour market, discrimination in access to resources and opportunities to
dominated castes has resulted in a skewed representation of different castes in education and higher
status employment. To compensate for historical injustice and skewed representation, India has
adopted quota-based reservations for dominated castes in government jobs and education. This policy
mandates reservation of certain percentage of seats in Government jobs and higher educational
institutions funded by Central Governments to those belonging to dominated castes — scheduled castes
(SCs), scheduled tribes (STs), and other backward classes (OBCs). Reservation for SCs and STs in
government jobs and higher education has been implemented since independence. The same for
OBCs were introduced much later- job reservation policy was introduced in 1994 and education

reservation in 2008.

Against this background, our paper estimates the impact of education reservation policy on
government and private regular job outcomes for OBCs in India. Although private sector is not

mandated to reserve jobs for candidates from OBC social group, we expect education reservation

! https://www.bbc.com/news/world-asia-india-35650616

’A case of caste based discrimination filed against CISCO, a multinational firm, based in California, United
States in July 2020 presents a grim picture of prevalence and spread of caste based discrimination even in the
present times. https://economictimes.indiatimes.com/news/international/business/california-sues-cisco-for-bias-
based-on-indian-caste-system/articleshow/76751258.cms provides the details of the case. Zwick-Maitrey et al.
(2018) also document caste based discrimination prevalent in United States among the South Asian Americans.
Also, see https://www.livemint.com/news/india/the-geography-of-caste-in-urban-india-1569564507580.html,
https://livewire.thewire.in/personal/caste-isnt-just-confined-to-rural-india-its-also-part-of-our-urban-reality/ for
summary of various caste-based discrimination in urban India.
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policy to have an impact since it has increased the pool of higher educated OBCs in the country
(Basant and Sen, 2020 and Bhattacharjee, 2018). We also look at the impact of the policy across
different occupation categories defined on the basis of skills and status. Studies like Lee (2019),
Khanna (2020) and Deshpande and Ramachandran (2020) have estimated the impact of reservation in

jobs on job market outcomes.

To the best of our knowledge, our paper is the first to estimate the impact of reservation in education
on job market outcomes. Affirmative action or reservation policies like that in India are believed to
provide compensatory justice to the dominated and marginalized castes with a history of persistent
discrimination and exclusion in the Indian job and education market. These policies are highly
contended and discussed in the academic circles. Many consider reservation policies to be truly
providing equal opportunities to all applicants and an important policy lever in reducing economic
and social inequality (Mohanty, 2006). Reservation policies also bring benefits not just to the direct
beneficiaries but also to other members of caste groups of the beneficiaries by peer effects, providing
role models, and increasing their aspirations (Beaman et al., 2012). Given the levels of persistent
discrimination and shrinking government sector, there have been calls for reservation in private sector
as well (Thorat, 2004; Madheswaran and Singhari, 2016). There have also been calls for extending
reservation in jobs based on religion (Hasan, 2011).

Counter arguments are related to scarce job market opportunities being taken away from the
unreserved categories, increasing inter-caste tensions, policy objectives being for “vote-bank™ politics
and no real benefits to the beneficiary®. Reservation could also lead to elite capture among a certain
population within the dominated castes which could create a “creamy layer” that extracts all the
benefits from these policies leaving many still marginalised and excluded (Kaletski and Prakash,
2012). Another criticism on reservation policies has been that reservation acts as a charity and does
not work towards parity of the groups benefitting from reservation (Gudavarthy, 2011). There have
also been criticisms related to loss of “merit” which ignores the cumulative advantages received by
certain groups across the economic, social, cultural, and linguistic capital®. Against this background of
argument and counterarguments, it is imperative to empirically analyse the benefits of reservation

policy in India.

In this paper, we test whether education reservation increased the likelihood of getting a regular job
for OBCs in India. We also test the impact of the policy on various occupational categories defined
on the basis of relative status. We use a Difference in Difference (DID) method for our analysis and
use the data from Periodic Labour Force Survey (PLFS) conducted in 2017-18. In the analysis using a

DID approach, we consider OBCs as a treatment group. Among OBCs, those who were born after

3https://www.theweek.in/news/india/2020/07/14/opinion-all-caste-based-reservations-must-be-abolished.html
*https://theprint.in/opinion/supreme-court-just-destroyed-the-merit-argument-upper-castes-use-to-oppose-
reservations/236142/
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1990 were eligible for reservations in education, which we consider as the treatment. We consider
non-OBCs as a control group who were not eligible for treatment. The difference in difference
estimates the change in differences in outcomes between the treatment and control group among those
born before 1991 and those born on or after 1991.

Our paper finds the following. Reservations in education increased likelihood of regular jobs in
government and private sector for OBCs born after 1990 by 0.6% and 0.3% respectively. Across
occupational categories in regular government jobs, we find that benefits have accrued across jobs in
various status. The impact has been positive in high status administrative and managerial jobs both in
the private and public sector. The results are less encouraging for the analysis of sub-sample
comprising of those who have completed at least a graduation degree in higher education. This
indicates that the main channel through which the likelihood of getting a regular job increases is
through increased chances of getting a graduate education and not through improvements in quality of
university/college attended for obtaining the graduate degree or through reduced negative stereotype
during this period. States with higher intensity or quota do not seem to be able to break the
hierarchical order of castes in jobs. However, states with older history of reservation policy perform
better in this regard.

Our paper is organised as follows. The next section lays down the context and background of
reservation policies in India. Section 3 presents the data and methodology. Section 4 presents the
descriptive statistics and results of the econometric methodology. Robustness and falsification tests

are presented in Section 5 and Section 6 concludes.

2. Context- Caste Based Reservation Policy in India

The history of affirmative action policies in India goes back a long time when in 1902, the first caste-
based reservation in jobs was passed by the Maharaja of Kolhapur state for the depressed classes (as
scheduled castes were referred at that time (Lum, 2019). A similar instance was recorded in 1921 in
Mysore, where 50% of Government jobs were reserved for non-Brahmins. In Independent India,
reservations in higher education and jobs in Government institutions for SCs and STs have been
implemented since 1950. Reservations of 15% and 7.5% of government jobs and government funded

education institutes for the SCs and STs respectively are protected by the Indian constitution.

The reservations for OBCs in jobs and education sector are a more recent development. The origin of
this reservation lies in the report by Mandal Commission or Socially and Educationally Backward
Commission that was tabled in the year 1980. The report articulated that there are various castes in
India which are socially, educationally, and economically backward apart from SCs and STs and these
groups-OBCs need reservations in jobs and educations. Based on various indicators to identify social

backwardness (dependence on manual labour, marital age, women’s participation if labour force,
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among others), educational backwardness (based on school attendance of children, drop-out rate of
children, and proportion educated till matriculation, among others), and economic backwardness
(based on indicators like value of family assets, housing status, access to drinking water, proportion of
household with consumption loans, among others), the report identified 3,743 castes and communities
across the country as ‘backward’ classes. The report also suggested that these communities and castes
make 52% of the Indian population. On the basis of an Indian Supreme Court verdict which limited
the proportion of total reservation (SC+ST+OBC) to 50%, the commission recommended a 27%
reservation for the other backward classes (OBCs). The recommendations of the report were
implemented much later in 1994 with reservations in public sector jobs and the same in higher
education institutions funded by Central Government in 2008.

The implementation of these policies generated a lot of uproar in India. The unreserved category
perceived that they were losing out the scarce jobs and educations due to these quotas. Second, there
was also a perception that reservation could bring down efficiency despite evidence against such
claims.® In spite of this opposition, 27% reservation for OBCs in jobs and education has been
implemented across the country. However, wholehearted implementation of these across all
educational institutions and for all jobs has not been not without obstacles. There have been instances
of public outcry over poor implementation of these reservations®’ and instances of institutions
avoiding implementation of reservation in their recruitment citing various reasons.®® Though many
institutions have not openly denied implementing reservations, there is no evidence of effective
implementation. It is plausible that certain categories of occupations require candidate to have
completed higher educational qualifications to be considered for the job. It is possible that there may

not be required OBC candidates with those qualifications to fill the reserved seats.

It is in this context that the reservation in higher education institutions funded by central government
is likely to increase OBC representation in jobs. Quotas in education is likely to increase the overall
pool of educated OBCs and hence availability of people with qualifications required for certain
occupational categories. This will further increase the likelihood of OBC representation in
occupational categories of jobs which require higher education as qualification criteria. Whether
reservation for OBCs has increased their likelihood of getting jobs is an empirical question and our
paper is an attempt in this direction. We address the question of whether and if yes, by how much has
27% reservation in education increased the likelihood of getting different types of jobs among the

OBCs. We also analyse the impact across various occupational categories in some of these jobs.

> https://www.epw.in/engage-interactives/busting-myths-on-caste-based-reservation-policies.html

® https://scroll.in/article/963802/this-is-unconstitutional-outrage-over-neet-highlights-poor-implementation-of-
obc-reservations

" https://scroll.in/article/967984/as-bjp-mp-mounts-creamy-layer-revolt-against-his-party-what-is-modi-
government-thinking

® https://indianexpress.com/article/education/iim-faculty-quotas-reservation-ews-obs-sc-st-6194000/

® https://www.telegraphindia.com/education/centre-orders-reservation-in-senior-iit-posts/cid/1720745



There has been some recent literature that has analysed the impact of reservations in jobs and
education for the OBCs. Lee (2019) evaluates the impact of 1994 job reservations to OBCs on
education and hiring in Government sector jobs and finds a positive impact of these reservations
across all income classes. Deshpande and Ramachandran (2019) evaluate the impact of 1993 job
reservation for OBCs on the probability of holding government jobs and find a positive impact on the
same and on secondary school completion. Khanna (2020) estimate the impact of 1993 jobs on
education and find that affirmative action incentivizes about 0.8 additional years and 1.2 more years
of education from an average minority group student and marginal minority subgroup respectively.

Bhatacharjee (2019) evaluates the impact of 2008 education reservations for OBCs on enrolment in
secondary school and completion of high school. They find that the education reservations increased
college enrolments by 2.9 percentage points and high school completion by 5.1 percentage points.
They also find the effect was higher among the younger population and also among those who lived in
urban areas. Basant and Sen (2020) identify the impact of 2008 education reservation on probability
of obtaining higher education and estimate that the positive impact on enrolment in higher education

was significant in eastern region of India only.

To the best of our knowledge, none of the existing studies analyse the impact of reservation in
education on job outcomes. We address this gap in the literature by estimating the impact of education
reservation on regular jobs both in the government and private sector jobs. Also, this impact may not
be only in jobs which have reservations i.e. regular public sector jobs but also in private sector jobs.
The details on the jobs and occupation structure we consider in this study are given in Section 3. The

guestions we ask are as follows-

(1) What is the impact of education reservation policy on regular jobs in private and public

sector?
(2) Is there any difference in impact across different categories of occupation?
(3) Is there any state level variations in the impact of reservation policy?

Estimating the impact on government and private regular jobs make an interesting case since
government jobs are also treated with job reservation policies already in place since 1994 while the

private sector is not mandated by any such policy.



3. Data and Methodology
Data

We use data from Periodic Labour Force Survey (2017-18) which is a nationally representative
household level sample survey collected by the National Sample Survey Organization of the
Government of India. The survey was conducted during the period July 2017 to June 2018. People
who would have been 17 years of age in 2008 could have potentially availed the benefits of higher
education reservation. The survey was conducted after 9 years in 2017-18 and hence candidates would
have been able to complete at least their graduation which is 3 to 5 year course after high school
depending on the field of specialization and might have entered the job market. Graduation degree

makes candidates eligible to apply for jobs in high status government and private regular jobs.

PLFS data provides the socio-economic and demographic information for a sample of 102,113
households comprising 433,339 individuals in rural and urban areas across all Indian states. The
survey collects employment related information on type of job contract, occupation, educational
achievement, and household characteristics of the individual among others. PLFS survey collects
information on five broad job types- (1) regular government jobs which are the most prestigious types
of jobs in India given the status and stability quotient, (2) private regular jobs which broadly rank
second in the overall job hierarchy, (3) contractual jobs which are not regular or permanent jobs but
could have responsibilities similar to that of regular jobs, (4) Casual jobs which are once again not
regular jobs but are different from contractual jobs in terms of type of work involved in such jobs and
(5) Self-employed, those who start their own business and do not work for any employer or

organization.

The survey also collects information on type of occupations/jobs according to the definition of
National Classification of Occupation-2004. This allows us to explore the impact of reservation policy
on different types of occupations according to their status in the society. Our definitions of
occupations are loosely based on Hnatkovska et al (2012).Using the first digit of the NCO 2004
codes, they classify jobs into three major types - white collared, blue collared and agriculture related
occupation where Occupation 1 comprises of all NCO codes starting with 1, 2 and 3 while occupation
2 comprises categories starting with 4, 5, 7, 8 and 9 and Occupation 3 comprises of NCO 6 who are

agricultural workers.

Our definitions are based on 1 digit NCO codes as given in Table 4.1.The ranking of these jobs are
broadly based on training and educational requirement and social status involved with the jobs.
Broadly, agov, pgov and mgov are relatively higher status compared to sgov, sgovl and ogov and

they are defined as white and blue collar jobs respectively in Hnatkovska et al (2012).
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Table 1: Occupation categories according to status

Sr. Occupation description NCO 1 digit | Notation used in the | Ranking according to

No code paper job status

1 Administarial,  executive 1 Agov 1
and managerial

2 Professional, technical 2 Pgov 2
related

3 Midlevel professionals 3 Mgov 3

4 Secretaries and clerks 4 Sgov 4

5 Service workers 5 sgovl 5

6 Operators and laborers 7,8and 9 Ogov 6

Source: NSSO NCO 2004 classification.

To explore the role of intensity of reservation quota, we use data on state level intensity or extent of
quota from Government document on reservation policy in No.360 1 1/6/20 10-Estt.(Res)."® We have
also compared the data on intensity from Government circulars issued earlier in 2005 and find that
state level intensities were the same as in 2010.Following Khanna (2020), intensity of reservation

quota%

olicy has been defined as .
poficy has I population obc%

Population share of OBCs in overall

population was computed using PLFS-2017-18data. To explore the role of history of affirmative
action policies, we group states into two groups- states which had some kind of reservation policy
before 1994 and those which did not have any reservation policy before 1994. The data on history of
guotas implemented at the state level have been compiled from Lee (2018) and Mathur (2004).

Methodology

Our objective is to estimate the impact of education reservation policy on the likelihood of getting a
job for individuals belonging to OBC category compared to individual belonging to other categories
who could not have availed the reservation policy. Individuals belonging to OBC caste group form
treatment group in the study. Our sample is restricted those in the age cohort 21 to 65 as they are
eligible to participate in the job market. We drop anyone who is born before 1954 since he/she would
not have been eligible for reservation in jobs.'* OBCs younger than 17 years in 2008 would have been
those who could have availed reservations in their higher education. At the time of survey in 2017-18
their age would have been 26 or less. We create a time variable for the treatment for those who are
born after 1990 (younger than 17 in 2008) and no treatment for all those born before 1990 (older than
17 in 2008).

http://documents.doptcirculars.nic.in/D2/D02adm/36011_6_2010-Estt.(Res).pdf
1 Job reservation policy for OBCs was announced in 1994 and anyone born before 1954 would have been older
than 40 years and would not have been exposed to the benefits of job reservation policy
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While empirically estimating the impact of reservation policy on OBCs, a major concern in our case is
job likelihood of a social group is likely to be driven by several un-observable factors which are
specific to the individual, household and caste he/she belongs to and invariant over time. Difference in
Difference framework is often used in literature to control for time invariant unobserved heterogeneity
(Lechner, 2011, Angrist and Pischke, 2008, 2014, Khandker et al, 2009, Gertler et al, 2016). The basic
idea behind DID is to compare participants or those exposed to the intervention and nonparticipants or
those who were not exposed before and after the intervention. The difference between outcomes
before and after treatment are computed for treated and control groups and the difference between
these two mean differences is the estimate of the impact of the treatment and equals the estimates of a
DID model. Since, the survey does not give us data on whether the individual actually availed the
benefits of the reservation policy while pursuing his education or job market participation. DID
method will allow us to estimate the Intent to Treat (ITT) rather than the ATET of the reservation
policy. DID framework has been used to estimate the impact of reservation policy in Indian context
by several studies (Bhattacharjee, 2018, Khanna, 2020, Deshpande and Ramachandran, 2019), Lee,
2019), Basant and Sen,2020).

Jobs and Occupations

Following the DID framework, we estimate equationl to get the impact of education reservation

policy on our outcome variables.

JOBS;s = ag + a4 TIME;; + y,0BC;s + y5,SCis + y3ST;s + B(OBC;is * TIME;g) + §,SC; *
TIME;s; + 6,ST;s * TIME;s + other controls + statetime ef fects + ;) (1)

Our outcome variable, JOBSis a binary variable and indicates job outcomes of the “i”th individual

in state, “s”. The two categories we consider are regular jobs in private and public sector.

TIME; is a binary variable and denotes the pre and post treatment variable in a DID specification and
is equal to zero if the individual is born before 1991 and 1 if he/she was born after 1990. Our primary
variable of interest is OBC;s * TIME;,. Its coefficient (B) gives us the estimate of impact of
reservation policy implemented in 2008. A positive and significant § would imply that reservation
policy increased the likelihood of OBC born after 1990 getting a job. Since likelihood of getting a job
will depend on individual specific characteristics, we control for such observables in our model which
include age, location of residence (rural/urban), education, house hold size and gender of the

individual.

We get the estimate the impact of education reservation on occupation categories in public and private

sector by estimating equation-2.
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0CCis = ag + a;TIME;s + y10BCis + y,SCis + v3STis + B(OBCis * TIME ;) + 8,SCis * TIME;; +
6,8T;s * TIME;s + other controls + statetime ef fects + g;)...... ()

In equation (2) our outcome variable is an indicator variable for six occupation types- agov, pgov,
mgov, sgov, sgov1 and ogov (definitions given in Table 1). For example, job type agov, our outcome
variable is 1 if individual has a regular government job of that category (NCO-1) and O otherwise. A
positive and significant coefficient () would imply that reservation policy increased the likelihood of
OBC born after 1990 getting a job.

Regional Variation

It is plausible that analysis at the national level masks state level variation. Some states/regions might
have a higher impact for the same policy compared to others. We explore the impact of two plausible
channels of heterogeneity in impact - intensity or extent of reservation quota (Khanna, 2020) and

history of reservation policy in a state.

Although the 2008 Act was implemented at the national level, several states had varying degree of
reservation policy already in place. States implement their quotas in the educational institutions and
government jobs under their ambit. To get the impact of the intensity of quotas, we estimate a triple
difference model (equation 3). Outcome variables and other controls are defined as earlier. Our main
variable of interest iS(OBC;s * TIME;; * INTENSITYOBC). A positive and significant coefficient

(81) would imply that the impact of reservation policy was higher in states with higher intensity.

]OBS/OCCLS =aqg+ alTIMEiS + )/10BCis + yZSCiS + YSSTL'S + B(OBCls * TIMEls) + ﬁl(OBCis *
TIME;; « INTENSITYOBCy) + §,SCis * TIME;s + 6,ST;s * TIME;; + other controls +

statetime effects + €ig)eeeeereerirnenarncn 3)

The second measure of state level heterogeneity is based on history of rollout of these quotas across
states. Some states like Punjab, Haryana, Bihar, Jharkhand, Gujarat, Maharashtra, Andhra Pradesh,
Karnataka, Kerala and Tamil Nadu had reservation policies before 1994 (Lee 2019, Mathur, 2004).
We estimate a triple difference in difference model to estimate the impact of states with history of
reservation policy before 1994 on job likelihood. Our main variable of interest is the interaction
term(OBC;s * TIME;; * BEFORE1994) as given in equation 4.Before1994 is a binary indicator
variable which is equal to 1 if the states already had some kind of reservation policy before 1994 and
0 otherwise. A positive significant coefficient (8;) would indicate that OBCs from states which had

reservation policy earlier have a higher likelihood of getting jobs.
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JOBS/OCCis = ay + a1 TIME;s + y,0BCis + y,SCis + v3S5T;s + B(OBCis x TIME ;) + 1 (OBCs *
TIME;; - BEFORE1994) + §,SCis * TIME + 6,5T;s * TIME;; + other controls +

statetime ef fects + €i5).......... (@)

Parallel Trend Assumption

The basic assumption underlying the validity of DID estimation strategy is that trend in outcome of
treatment and control groups should be the same if there were no treatment. If the assumption is
validated, any change in the treated group, post- intervention can be attributed to intervention and the
fact that the treatment group was exposed to the intervention (Angrist and Pischke, 2008).
Empirically, we estimate equation 5 for all pre-treatment years since 1970. The assumption of parallel
trend would be satisfied if the interaction of OBC and birth year () is not statistically different from

zero. We estimate equation 5 for government and private job types.

Jobs;s =
ay + a1 PRETREATYEAR; + y10BCis + v,SCis+y3STis + f(OBCis * PRETREATYEAR;,) +
B1(SCis * PRETREATYEAR;) + B,(ST;s * PRETREATYEAR) + other controls +

4. Results

4.1 Descriptive Statistics

Table 2 reports the percentage share of OBCs across all education levels. We find that OBC
representation in primary education and middle school reduced from 40% to 37% and 39% to 37%
respectively among the two groups — those born before 1991 and those born on or after 1991. There is
no evidence of statistically significant difference in case of secondary education and

diploma/certificate courses.

Table 2: Representation of OBCs in different levels of Education

Education Level All Sample | Born before 1991 | Born on or after 1991 z-test for HO:
Difference is 0
Primary Education 39.2 39.5 37.0 -2.92%**
Middle School 38.9 394 36.7 4,94 **
Secondary Education 38.4 38.3 38.5 0.31
Higher Secondary Education 36.4 35.3 38.0 4.55%**
Diploma/Certification 44.9 44.3 45.8 0.88
Courses
Undergraduate Degree 35.1 32.2 40.3 13.49***
Post-graduate Education 33.3 32.1 37.9 4.74%**

Source: Authors’ calculations®, **, *** represents statistical significance at 1%, 5%, and 10% confidence level
respectively
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The representation of OBCs in undergraduate and post graduate degree education improved
significantly for the cohort born after 1990. Such changes in higher education levels are likely to
change the representation in various categories of employment. Higher education opens the door for
various avenues in employment and we present the caste-wise representation for various employment

categories in Table 3.

Table 3: Caste-wise Representation in Different Employment Categories

Unemplo  Regular Regul Contract Contract  Self- Casu  All Jobs All

yed or Governm ar ual ual employ al (Employ Samp
not in entJob  Privat Governm  Private ed Labo ed) le
Labour e Job ent Job Job ur
Force
Overall Sample
ST 12.4 23.8 9.7 23.8 6.2 16.1 13.1 145 13.6
SC 15.7 13.6 10.0 14.7 16.6 12.9 30.2 17.0 16.4
OBC 38.3 26.1 30.0 29.9 39.8 40.0 39.2 38.2 38.3
Unreser 33.6 36.5 50.3 31.6 374 31.0 175 30.3 31.8
i
Ned 111980 8342 2704 6378 23267 67073 26179 133943 2459
23
Born before 1991
ST 11.9 23.9 9.5 24.3 6.0 15.8 125 145 134
SC 15.1 135 9.4 14.2 16.3 12.8 30.2 16.7 16.1
OBC 38.2 25.7 30.1 29.7 39.6 40.0 39.9 38.3 38.2
Unreser 34.8 36.9 51.0 31.8 38.1 314 17.4 30.5 32.3
Vv
NEOI 82068 7862 2313 5653 17962 59566 22190 115546 1976
14
Born on or After 1991
ST 13.9 22.1 11.3 19.5 6.9 18.0 16.2 14.4 14.1
SC 17.3 15.0 13.3 18.9 17.9 14.1 30.4 18.9 17.9
OBC 38.5 32.7 29.4 315 40.2 39.6 35.5 38.2 38.4
Unreser 30.3 30.2 46.0 30.2 35.0 28.3 17.9 28.5 29.6
Vv
NEOI 29912 480 391 725 5305 7507 3989 18397 4830
9

Note- 2,45,923 individuals considered in our analysis of which 1,97,614 were born in the years before 1991 and
48,309 were born on or after 1991.Source: Authors’ calculations using data from PLFS

Table 3 shows an improvement in representation of SCs and OBCs in regular government jobs and
decrease for unreserved category for the younger cohort. In regular private sector jobs, there is a
decline for unreserved and increase in case of SCs. The share of STs and OBCs remain similar.
Constitution of different social groups are different for government and private regular jobs possibly
because of reservations for SCs, STs, and OBCs which is applicable only in the government sector for
regular jobs. In the contractual government jobs, the representation of STs and unreserved category
declined for younger age cohort and increased for SCs and OBCs. In the contractual jobs in private

sector, STs have always been severely under-represented. Such severe differences in representation in
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jobs of similar nature indicate possibly a high level of discrimination towards STs in the private sector

jobs or lack of exposure to STs because of their remote location.

Among the two groups (born before 1991 and born on or after 1991), the representation of SCs, OBCs
and unreserved categories in private contractual jobs have not changed much. In self-employment,
OBCs form the major chunk of those employed with them remaining at 40% across the two groups. In
casual labour, SCs and OBCs form around 70% of jobs in those who were born before 1991 and 66%
of jobs among those who were born on or after 1991. There is reduction in OBC representation in
casual labour employment post-1991.Table 4 presents the representation of OBCs in different
occupation types as defined in Table 1. We test if the differences in representation across younger and
older age cohorts are statistically significant. Table 4 also reports the z-test where the null hypothesis

that the difference in representation in the two groups is zero.

Table 4: OBC Representation in Different jobs

Statistic All Sample Born before 1991 Born on or after 1991  z-test for
HO:
Difference
isO
OBC Share in Sample 38.3 38.2 38.4 0.65
OBC Share in Regular 26.1 25.7 32.7 3.40***
Government Jobs
Administrative, executive and 25.3 24.8 45.5 1.56
managerial workers
Professional, technical and related 20.7 20.7 22.6 0.36
workers
Mid-level professionals 28.2 28.1 29.3 0.27
Secretaries & clerks 27.1 26.0 41.0 3.32%**
Service workers 26.4 25.4 38.5 2.99**
Operators & labourers 28.1 28.4 24.3 0.75
OBC Share in Regular Private 30.0 30.1 29.4 0.29
Jobs
Administrative, executive and 25.3 25.9 18.8 -0.89
managerial workers
Professional, technical and related 27.7 28.9 20.2 -1.70*
workers
Mid-level professionals 30.5 30.6 30.1 -0.08
Secretaries & clerks 36.5 36.3 37.8 0.18
Service workers 35.7 35.0 38.5 0.40
Operators & labourers 35.2 34.3 40.6 1.20
OBC Share in Contractual 29.9 29.6 31.4 1.00
Government Jobs
Administrative, executive and 26.0 24.8 41.7 1.82*
managerial workers
Professional, technical and related 29.0 29.1 28.7 0.07
workers
Mid-level professionals 29.9 30.1 28.5 -0.43

16



Secretaries & clerks 31.1 30.7 34.7 0.82

Service workers 27.4 27.3 28.4 0.29
Operators & labourers 335 334 34.7 0.31
OBC Share in Contractual Private 39.8 39.6 40.2 0.77
Jobs
Administrative, executive and 354 34.5 40.9 141
managerial workers
Professional, technical and related 36.5 35.4 40.1 2.04**
workers
Mid-level professionals 40.1 38.5 43.9 2.31%*
Secretaries & clerks 39.8 40.4 37.8 -1.44
Service workers 38.6 38.7 38.4 -0.23
Operators & labourers 41.3 41.6 40.1 -1.3
OBC Share in Self-employment 36.5 36.4 37.2 1.65*
OBC Share in Casual Labour 39.2 39.9 35.5 -5.18***

Source: Authors’ calculations using data from PLFS-2017-18

From Table 4, we find that although share of OBC was not different in two age cohorts, share of
OBC:s in regular Government jobs increased from 26% to 33%. The proportion of OBCs in private
regular and government contractual jobs, increased but the difference is not statistically significant at
10% level of significance. OBC share in private contractual jobs remained at 40% for both the groups.
There was a slight increase in OBC share in self-employment from 36% to 37% and a huge decline in

OBC share in casual labour employment from 40% to 36%.

If we look at different occupational categories in private and government sector jobs, we find
interesting patterns. Across all categories of occupation, for government regular jobs, we find
statistically significant difference in OBC representation in secretaries & clerks and service workers
only. We find no difference in higher status jobs. Among administrative, managerial, and executive
positions, the difference in OBC share is significantly different in only contractual Government jobs.
In the professional, technical, and related workers category, the difference is significant and positive
in private contractual jobs and negative for private regular jobs. Among mid-level professionals, the

difference is significant and positive for private contractual jobs.

4.2 Tests for Parallel Trend

If the parallel trend assumptions is satisfied and there is no statistical difference between trend of job
likelihood of treatment and control group in the pre-treatment period, any difference in their trend
post reservation policy can be attributed to the reservation policy. Our variable of interest is the
interaction of OBC and birth year before the implementation of the reservation policy. A statistically
significant coefficient would indicate that individuals who were not exposed to the reservation policy
had a different likelihood of getting jobs even before the implementation of the reservation policy.
We present the results of parallel trend assumption in Figure 5. Results for all pre-treatment years

since 1970 are presented in Table A-1 in Annexure. From Figure5, we find that parallel trend
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assumption is satisfied for all the years in case of government regular jobs and not satisfied for only

two pre-treatment years out of 30 years in case of private regular jobs.

Figure 1: parallel trend tests

overall sample overall sample
gov private
obc_y1970 ® —1—
obc_y1971 —_——
obc_y1972 — o o
obc_y1973 ® —_—
obc_y1974 —
obc_y1975 ® —_————
obc_y1976 ® -
obc_y1977 » —Ot—
obc_y1979 ® — T
obc_y1980 Iz —_—
obc_y1981 ——
obc_y1982 —_———— ——
obc_y1983 ® —_—
obc_y1984 ® — T
obc y1985+4 ——eo—F+—— ————
obc_y1986 —— T———
obc_y1987 - —_— —_———
obc_y1988 ® —_—
obc_y1989 —t— —
obc_y1990 : —P—I : : : —— : :
-.02 0 02 04 -02 0 02 04

Based on the results from the test of parallel trend assumption, we estimate the impact of education

reservation for government and private regular jobs.

4.3 Impact on Jobs

The results of the impact of education reservation policy on job outcomes after estimating equation 1
are reported in Table 6. Panel A reports results for the overall sample while Panel B reports results for
the sub-sample comprising of those who had completed graduation. The detailed regression output
including control variable estimates for overall sample and sub-sample of graduate and above are
given in table A2 of Annexure. Columns 1 and 3 present results from specifications with no controls

while columns 2 and 4 include other controls as in Equation 1.
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Table 6: Impact of Reservation on Regular Employment in Government and Private
Sector

government government Private private
(1) (2) (3) (4)
Panel A: Over all sample
OBC*TIME 0.0189 0.00611* 0.00102 0.00247*
(4.39) (1.78) (1.05) (1.80)
Controls No Yes No Yes
Observations 244284 244284 244284 244284
Panel B: Graduate and above
OBC*TIME 0.0396" -0.00904 -0.000621 0.00745
(2.18) (-0.96) (-0.14) (1.36)
Controls No Yes No Yes
Observations 36,408 36,067 36,408 35,798

Note- t statistics in parentheses, *** p<0.01, ** p<0.05, * p<0.1. Source: Authors’ calculations. Controls
include age, age square, gender, household size, education, urban, married, sc and st caste effects, sc-state and st
caste-state effects, state effects and state-birth year effects

We find that reservation policy had a positive and statistically significant impact on both government
and private regular jobs for the overall sample while among the sub-sample comprising of those who
completed graduation and higher studies, after controlling for other household and individual specific
characteristics, we do not find any statistically significant impact of education reservation on job
outcomes for either government or private regular jobs (columns 2 and 4 of panel B). It is likely that
aggregated definitions of jobs mask heterogeneity across different occupation types within these job

types. We explore this aspect in next sub-section.
4.4 Impact on Occupation Types

Table 7 presents the results of DID estimation on different occupational categories Our results show
that for regular jobs in Government sector, statistically significant and positive impact can be seen for
Administrative, executive and managerial (agov), Professional, technical and related (pgov) and
service workers(sgovl) type occupations. However, for the sub-sample comprising of those who have
completed graduation and other higher studies, we find a negative and significant impact on Mid-level

professionals (mgov) type of jobs.
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Table 7: Occupation types

government regular

Administrative, Professional, Operators
executive and technical and Mid-level Secretaries Service &
managerial related professionals & clerks workers labourers
Agov Pgov Mgov Sgov sgovl ogov
Panel A: Over all sample
obctime2 0.001" 0.003"" 0.0003 0.001  0.002*  -0.001
(2.65) (3.36) (0.23) (0.92) (1.76) (-1.14)
Controls Yes Yes Yes Yes Yes Yes
Observations 244284 244284 244284 244284 244284 244284
Panel B: Graduates
obctime?2 0.0002 0.002 -0.010* -0.0012 0.002 -0.002
(0.13) (0.56) (-1.76) (-0.39) (1.18) (-1.07)
Controls Yes Yes Yes Yes Yes Yes
Observations 36408 36408 36408 36408 36408 36408
private regular
Panel A: Overall sample
a private private Mprivate sprivate  Sprivatel Oprivate
obctime2 0.001" -0.001 0.0004 0.001  0.0002  0.001
(2.61) (-0.88) (0.88) (0.83) (0.47) (1.25)
Controls Yes Yes Yes Yes Yes Yes
Observations 244284 244284 244284 244284 244284 244284
Panel B: Graduate and above
obctime2 0.006" -0.0004 0.002 0.001  -0.0001  -0.001
(2.30) (-0.13) (0.92) (0.60) (-0.13) (-0.68)
Controls Yes Yes Yes Yes Yes Yes
Observations 36408 36408 36408 36408 36408 36408

Note-t-statistics in parentheses*** p<0.01, ** p<0.05, * p<0.1.Specification same as equation 2. Outcome
variables are different types of occupations. Source: Authors’ calculations.

In case of private jobs, we find positive and significant impact for Administrative, executive and
managerial (agov) occupations. We do not find any statistically significant impact for any other
occupation type. Unlike that of government jobs, we find that there has been a positive and significant

impact on agov type jobs even among those who have completed graduation and higher studies.

Our results on occupations show that aggregate definition of jobs tend to mask the impact at the
disaggregate level. Further, given that we find impact across both government and private sector
occupations, these results show that it is not mandated reservation policy which is driving our results

of positive impact for jobs and occupations. Our results give evidence to the possibility of education

20



reservation having the ability to break the hierarchy of caste identity in likelihood of getting jobs. The
likelihood could have increased through various channels — either through increasing the chances of
getting graduated, or getting graduated from better universities, or through dwindling down of
negative stereotypes. Given that the increase is less likely for graduates sample than the full sample
for the Government sector, we could possibly infer that the channel of improvement is by increasing
the likelihood of getting a higher educational degree. In the private sector though, the increase is more
among the graduate sample than the full sample. It might mean that the channel here is possibly of
getting graduated from better university/college or through reduced negative stereotypes.

4.5 Regional Variation in Job & Occupational Outcomes

Given the heterogeneity across states in terms of intensity or extent of quota and history of
reservation, it is plausible that analysis at the national level masks variation across states. It is
conceivable that some states have had a higher benefit (if any) of such reservation policies compared
to others and a longer history or higher intensity might have had a role in the same. We explore state
level variation through two measures- (1) intensity or extent of quota in the states at the time of the
implementation of the policy and (2) reservation policy before 1994 or after 1994 to explore if states
with longer history of reservation have a different impact compared to those who have a relatively
shorter history of reservation policy. We use 1994 as cut off year since the first time quotas were
implemented nationally in 1994. We focus our analysis on government jobs only since both intensity

and history could have directly affected government job outcomes.

Variation in Intensity of Reservation

The extent of reservation has always been debated in literature (Coate and Loury,1993), Khanna,
2020). We explore whether high reservation intensity leads to higher benefits. Also we test whether

the impact of intensity or extent of reserved quota differ across occupation types.

Higher intensities can increase the chance of a candidate from the reserved category to get a job as it
increases the number of seats he/she is eligible for. Further, higher intensity might incentivize
investment in human capital and years of schooling and therefore improve quality of the candidates
from reserved category. Across, occupations, it is conceivable that once again impact might be higher
for lower status jobs. This is because of higher opportunity cost of education, especially for those
belonging to less privileged socio-economic background. They might prefer getting a job irrespective
of its status to studying further. There is a possibility of negative stereotypes playing a role, especially
for higher status jobs. However, it is also possible that affirmative action policies might be
implemented in such a manner that demand for jobs at higher level are more which might incentivise
more skill development and therefore have a positive impact on high status jobs as well. Therefore, a

priori it is difficult to predict both the extent and direction of the impact across occupation levels.
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Table 8 reports the estimates of the triple difference model (Equation 3) different government
occupation types. We find that higher reservation intensity decreases the likelihood of getting a

government job for all categories.

Table 8: State level variation in intensity of quota

Overall Administr
ative, Profession Operators
executive al, Secretaries Service &
& manage.  technical Mid-level & clerks workers labourers
Gov agov__ pgov__ mgov sgov sgovl ogov
OBC*TIME 0.004 0.001" 0.003” -0.0002 0.001 0.001 -0.001

(1.66) (2.88) (3.56) (-0.18) (0.91) (1.58) (-1.30)
OBC*TIME  -0.005~  0.0001 -0.001"  -0.002° 0.00004 -0.002”" -0.0003

*INTEN
(-2.07) (1.56) (-2.50) (-1.77) (0.05) (-3.65) (-1.42)
Controls Yes Yes Yes Yes Yes Yes Yes

Observation 244284 244284 244284 244284 244284 244284 244284

Note- Standard errors in parentheses*** p<0.01, ** p<0.05, * p<0.1.Specification same as equation 3. Outcome
variables are different types of occupations. Source: Authors’ calculations.

Among those who have completed graduation (Table 9), we find no impact of higher intensity on
likelihood of a government job and across different job types. A negative impact of higher intensity of

reservation might point towards negative stereotypes also discussed in Coate and Loury (1993) and
Khanna (2020)

Table 9: State level variation in intensity of quota-graduate and above

Overall Administ
rative,
executive  Profession Operators
& al, Secretaries Service &
manage. technical Mid-level & clerks workers labourers
Gov agov pgov mgov sgov sgovl ogov
OBC*TIME  -0.009 0.001 0.001 -0.010 -0.001 0.001 -0.002
(-0.93) (051)  (0.36)  (-1.65)  (-0.22) (0.85) (-1.20)
OBC*TIME  (0.0004 0.002 -0.003 0.002 0.002 -0.001 -0.001
*INTEN
(0.05)  (1.55)  (-0.90) (0.72) (0.44) (-1.25) (-1.13)
Controls Yes Yes Yes Yes Yes Yes Yes

Observation 36408 36408 36408 36408 36408 36408 36408

Note- t-statistics in parentheses*** p<0.01, ** p<0.05, * p<0.1.Specification same as equation 3. Outcome
variables are different types of occupations. Source: Authors’ calculations.
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Reservation before 1994

Table 10 and 11report results for triple difference estimations (equation 4) for the overall and graduate
sub-sample respectively. We find that states with older history of reservation had lower impact
compared to states which implemented some reservation policy after 1994. However, the impact is
positive and significant among those who have completed graduation and higher studies.

Table 10: Reservation before 1994- overall

VARIABLES gov Agov Pgov mgov sgov Sgovl ogov

FEE

Obctime 0.004 0.001" 0.003 -0.002 0.0004 -0.0001 0.001
(1.06) (2.66) (2.88) (-0.84) (0.39) (-0.16) (0.85)

bef1994obctime  0.001 -0.001" -0.001 0.004 -0.0001 0.001 -0.003™
(0.18) (-1.75) (-0.69) (1.67) (-0.11) (1.68) (-2.48)

Controls Yes Yes Yes Yes Yes Yes Yes

Observations 206596 206596 206596 206596 206596 206596 206596

Note- t-statistics in parentheses*** p<0.01, ** p<0.05, * p<0.1.Specification same as equation 4. Source:
Authors’ calculations.

Table 11: Reservation before 1994- graduate and above

VARIABLES gov Agov Pgov mgov sgov Sogvl ogov

Obctime -0.028"  0.003 0.001 -0.023 -0.004 -0.005"  0.0001
(-1.81)  (0.99) (0.27)  (-2.32) (-1.20)  (-2.19) (0.04)

befl994obctime  0.025  -0.005  -0.001  0.022" 0.002 0.010°"  -0.003
(1.18)  (-1.25)  (-0.15)  (1.78) (0.52) (3.58) (-1.37)

Controls Yes Yes Yes Yes Yes Yes Yes

Observations 30443 30443 30443 30443 30443 30443 30443

Note- t-statistics in parentheses*** p<0.01, ** p<0.05, * p<0.1.Specification same as equation 4. Source:
Authors’ calculations.

5. Robustness and Falsification Tests

Fake Treatment and Control Groups

We test if our results remain unchanged if we change our treatment group. We randomly re-define
two treatment/control groups- (1) where we randomly assign treatment status to anyone in our sample
(irrespective of his/her caste affiliation) and (2) we reassign our treatment and control groups after
dropping OBC from our sample. If our results are robust we should not find any significant impact for
any of the two treatment types. Table 12 gives the marginal effects of our fake treatment and control

groups.
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Table 12: Fake treatment and control groups

(1) (2) (3) 4)

Gov Private Gov Private
treatment can have  treatment can have both treatment & both treatment &
both obc & non obc both obc & non control does not control does not

obc have obc have obc
Panel A: All sample
treatment -0.00000224 -0.0000321
(-0.00) (-0.03)
treatmentt2 -0.0000114 -0.000273
(-0.01) (-0.21)
N 244284 244284 150780 150780
Panel B: graduate and above
treatment -0.00218 -0.00397
(-0.41) (-0.80)
treatment?2 -0.00442 -0.00135
(-0.71) (-0.29)
N 36408 36408 23768 23768

t statistics in parentheses p< 0.10, “p< 0.05,  p< 0.010
t statistics in parentheses p< 0.10, p<0.05, p<0.010

6. Conclusion

Caste based hierarchy has been persistent in India for a long time and has far reaching impact on
every aspect of human lives (Deshpande (2011), Thorat and Newman (2010), Bharathi et al. (2020),
Roy et al. (2020) , Deshpande and Ramachandran (2020)). Caste based discrimination has not just had
impact on efficiency of labour market but also have marginalised a large number of people. There
have been attempts to correct some of this injustice through quota based reservation policy in India.
There is a long history of such policies with some states having some form of reservation policy even
during the colonial times. In independent India, SC and STs were provided affirmative action since
1950. The Reservations to OBCs is relatively new - reservation in jobs since 1994 and in education
since 2008. Some recent studies have investigated the impact of such policy on education and jobs
(Basant and Sen, 2020 and Bhattacharjee, 2018, Lee, 2018, Khanna, 2020 and Deshpande and
Ramachandran, 2020). To the best of our knowledge, this is the first study which analyses the impact
of reservations in education on job and occupational categories. Since reservations in education
increased the pool of higher educated and skilled professionals who could have applied to any kind of

job, we analyse the impact of education reservation on government and private regular jobs.

We use Difference in Difference framework to estimate the impact of reservation in education on job
outcomes and we use the unit-level data from PLFS-2017-18 for the analysis. In the DID framework,
OBC:s are considered as the treatment group and reservation as the treatment which was provided to

OBCs born after 1990. Our results give evidence to reservation creating a positive impact on getting a
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government and private job. We find that there is a positive impact on high status jobs too indicating

that the higher education reservations has had a positive impact on employment in these jobs.

Results also indicate that increasing intensity increases the impact but once this association is also
limited to only low status jobs. We find negative association between intensity and likelihood of
getting a high status occupation. While interpreting the results, it must be noted that government jobs
are generally preferred in India because of an inherent status associated with it in comparison to
private regular jobs. Even within government jobs, there are high status and low status jobs. What
drives impact of reservation across different occupations is also dependent on the type of occupation.
For instance, a positive impact on a higher status job can be because of a combination of increase in
pool of available skilled candidates and some kind of positive stereotype from employers. While a
negative impact for a high status job can be because of combination of factors like low availability of
skilled candidates or negative stereotype from the employers. For low status jobs, in addition to these
factors, negative impact can also by driven by lower interest by candidates in those jobs. Studies like
Basant and Sen (2020) and Bhattacharjee (2018) find that there has been an increase in higher
education among OBCs because of reservation policy. This nullifies the argument of lower
availability of skilled resources belonging to OBC category. Therefore, a positive impact can be
because of increasing pool of skilled and more educated beneficiaries or a positive stereotype while a
negative impact can be because of lower job market participation (low status occupations) or negative

stereotype (high status occupations).

There are few limitations to our analysis. We do not have data on whether eligible beneficiaries did
actually receive benefits from the reservation policy. OBCs as a group have evolved over time and its
constitution has changed and therefore their exposure to the policy might have changed. Our results
depend on the response provided by the respondent on his social category and does not control for
changes in OBC definition. Nevertheless, our results are robust across several specifications and are
to our best of knowledge the first estimates of impact of education reservation on job outcomes. We
find that although there has been an increase in overall government job outcomes post reservation
policy, its impact is rather limited to low status jobs. Also, there has been no impact of reservations on

private sector jobs.
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ANNEXURE
Table A:1- Output of regressions for Table 1

1) (2)
gov private
obc_y1970 0.00466 0.00181
(0.56) (0.38)
obc_y1971 -0.000249 -0.00585
(-0.03) (-0.96)
obc_y1972 -0.00203 0.00895
(-0.30) (1.47)
obc_y1973 -0.00383 -0.00197
(-0.43) (-0.28)
obc_y1974 -0.0000377 -0.000378
(-0.00) (-0.09)
obc_y1975 0.00613 -0.00929
(0.58) (-1.27)
obc_y1976 0.00264 0.0121
(0.28) (1.62)
obc_y1977 0.000733 -0.00251
(0.07) (-0.62)
obc_y1978 -0.00624 -0.00408
(-0.58) (-0.77)
obc_y1979 0.00544 -0.00442
(0.69) (-0.85)
obc_y1980 0.00117 0.000609
(0.10) (0.08)
obc_y1981 -0.00124 0.00752
(-0.21) (1.56)
obc_y1982 0.00142 -0.00496
(0.19) (-0.84)
obc_y1983 0.00700 0.00104
(0.75) (0.19)
obc_y1984 -0.00600 0.00580
(-0.76) (0.86)
obc_y1985 -0.00430 -0.0131™
(-0.63) (-2.30)
obc_y1986 0.000239 0.0107
(0.04) (1.68)
obc_y1987 0.000566 -0.00242
(0.08) (-0.36)
obc_y1988 0.00847 0.00112
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(1.03) (0.16)
obc_y1989 0.00314 -0.00378
(0.56) (-0.80)
obc_y1990 0.000959 0.00720"
(0.28) (1.80)
N 244284 244284
t statistics in parentheses p< 0.10, “p<0.05,  p< 0.010
Table A:2- Output of regressions for Table 6
@ 2 3 (C)] (®) (6) U] ®)
gov gov gov gov private private private private
All Grad and All Gradand  All sample Grad and All sample Grad and
sample above sample above above above
obc -0.02177  0.00957  -0.0417  0.06537  -0.0040"  0.002147  -0.0040" -0.00227
(-4.20) (7.78) (-2.13) (14.55) (-2.78) (5.05) (-2.78) (-1.18)
time2 -0.037""  0.00055 201377 0.0344™  -0.00407"  -0.00699"  -0.0040"" = -0.0211""
(-7.54) (0.22) (-7.36) (5.09) (-4.91) (-5.66) (-4.91) (-3.76)
obctime? 0.0189™  0.00611"  0.0396  -0.00895 0.00102 0.00247" 0.00102 0.00745
(4.39) (1.78) (2.18) (-0.92) (1.05) (1.80) (1.05) (1.36)
sc 0.0169™" 0.0587"" -0.00521™" -0.0268™"
(6.64) (7.22) (-4.54) (-3.99)
sctime2 -0.0318™" -0.0874™" 0.00807"" 0.0336""
(-9.33) (-10.77) (4.50) (4.10)
st 0.0372™" 0.196™ -0.00292" -0.0297"
(20.40) (30.07) (-6.83) (-13.47)
sttime2 -0.0112" -0.122™ 0.00513™" 0.0302""
(-1.71) (-3.89) (3.80) (4.70)
Age 0.0104™" 0.0385"" 0.00165™" 0.00567""
(8.43) (11.52) (4.76) (3.63)
agesq -0.00009™" - -0.000018™" -0.000075™"
0.000281""
(-7.086) (-6.62) (-4.73) (-3.86)
gender 0.0200™" 0.0400™ 0.0108™ 0.0344™
(5.60) (6.03) (7.72) (6.78)
HH_Size -0.00104™ -0.00603" -0.000658™" -0.00329™
(-4.05) (-5.95) (-3.81) (-4.72)
_leducation_6 0.0101™ -0.000463
(3.61) (-0.77)
_leducation_7 0.0251™" 0.000522
(6.25) (0.84)
_leducation_8 0.0479™ 0.00361"""
(6.01) (5.70)
_leducation_10 0.0726™" 0.00957""
(6.09) (5.11)
_leducation_11 0.113™" 0.0341™"
(8.83) (5.84)
_leducation_12 0.112™" 0.0295™"
(7.56) (8.43)
_leducation_13 0.162°" 0.0461™"
(7.94) (6.97)
urban 0.00764™" -0.0183™ 0.00702" 0.0206™"
(3.05) (-2.33) (4.49) (4.12)
State effects No Yes No Yes No Yes No Yes
State birthyear No Yes No Yes No Yes No Yes
effects
State caste No Yes No Yes No Yes No Yes
effects
_cons 0.0483"  -0.219™ 0.159™ -0.718™  0.0133™"  -0.0396™"  0.0133""  -0.0883""
(7.74) (-6.67) (7.75) (-11.47) (8.33) (-4.82) (8.33) (-2.83)
N 244284 244284 36408 36408 244284 244284 244284 36408

t statistics in parentheses
“p<0.10, " p<0.05 " p<0.010

28



Table A3: Difference in annual wages (Rs.) in government and private regular jobs

Govt Pvt Diff t-stat
Adm 41382 35205 6176 3.66***
Prof 36312 27015 9297 9.47***
Midd 27078 19986 7092 8.20%**
Sec 27333 18876 8457 10.84***
Serv 24233 12890 11343 11.95%**
Operators 24859 14301 10558 18.01***
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